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Cristiano Ronaldo, who has scored over 800 senior career goals for club and country and has

played for Real Madrid, has won two Ballon d’Or awards. In 2011, he lost his best friend.

tlesl C‘ | el
1. Cristiano Ronaldo has scored over 800 senior career goals for club and country. ( )
2. Cristiano Ronaldo has played for Real Madrid. ( )
3. Cristiano Ronaldo has won two Ballon d’Or awards. (Refute)

4. In 2011, Cristiano Ronaldo lost his best friend. ( )
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Total | NOTENOUGHINFO | NOT _SUPPORTED
DataSet
FEVEROUS 71291 | 7920 -
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Claim:Mauricio Rosales had no career goals across any season from 2012-2021, including with

his current club Olimpo.

Extracted Claims by First Annotator:
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3. Mauricio Rosales was tthe owner of the Olimpo club.

Extracted Claims by Second Annotator:

3. Mauricio Rosales had no career goals with his current club Olimpo.

4. Mauricio Rosales is a player in Olimpo.
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First Annotator 60% | 88%

Second Annotator | 68% | 92%
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The tallest man in the America has two houses.
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claim: The movie starring Lightning McQueen was released by the same company which

used songs written by Lin-Manuel Miranda in another of its movies.

lesl &G has/have/had jf eslas! b o515 o Al ol sl oSl o 5l Al o Sy

:Jls .ﬁjlﬁe Lol

Dana Fox wrote Tom Vaughan’s unpopular 2008 film.

Tom Vaughan had an unpopular 2008 film.
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claim: The Iris latistyla has two bract (protective layer)

The Iris latistyla has two bract.

Vo
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The Iris latistyla has two protective layer.

Jeb @ 4> 5 L have-has-had L O gee |y doda- (sla Lesl 50 7 2d1s” sae 4 with akes ) 314

ety ool alax 0l

claim: The Iris latistyla has two bract (protective layer) and the flowers are 5 cm in diameter
with two pairs of petals.

The Iris latistyla’s flowers have two pairs of petals.

'-’; M5 e gl Lesl Ol e ar:\:aib “Neither/nor” dw=> 3 f\ e

claim: The courtside reporter in the 2015-16 Fox Sports North was neither Marney Gellner
nor Anthony LaPanta.
Marney Gellner was not The courtside reporter in the 2015-16 Fox Sports North.

Anthony LaPanta was not The courtside reporter in the 2015-16 Fox Sports North.
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claim:the Ammon family whose story was sensationalized by news outlets.

The Ammon family’s story was sensationalized by news outlets.
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claim:Pantophaea has grey forewings with a wide dark grey postmedial band and a dark dif-
fuse spot at the costa, near the apex, and its Hindwings are white with a small dark spot at
tornus.

Pantophaea’s Hindwings are white with a small dark spot at tornus.

Fb ls wll lesl Ol 58 Olas 5y o adn 3351 30l S5 55 sb 5 U )b ST F
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claim:Max Stewart (14 March 1935 — 19 March 1977) Max Stewart died when he was 42.
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Figure 4: ABCD aystem overview during waining {top) amd inference (botiom).
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[ "translate English to German: That is good."

"Das ist gqut."

course is jumping well."

[ "cola sentence: The

"not acceptable” ]

"stsb sentencel: The rhino grazed
on the grass. sentence2: A rhino
is grazing in a field."

"summarize: state authorities
dispatched emergency crews tuesday to
survey the damage after an onslaught

of severe weather in mississippi.."

"six people hospitalized after
a storm in attala county."
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Input Claim: A Distributed Bragg Reflector laser has diffraction grating on one or both end mirrors,

which reflect a narrow band of light back in the cavity which help them be more spectrally stable.

Annotator’s Extracted Claim

ABCD output

RC1: A Distributed Bragg Reflector laser has

diffraction grating on one or both end mitrors.

EC1: A Distributed Bragg Reflector laser has

diffraction grating on one or both end mirrors .

RC2: Distributed Bragg Reflector laser reflect

a narrow band of light back in the cavity

EC2: one mirrors reflect a narrow band of light back

in the cavity .

RC3: Distributed Bragg laser’s reflection

helps them be more spectrally stable.

EC3: cavity help them be more spectrally stable .
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'Extracted Claim
ZReference Claim
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RC1 RC2 RC3 Corpus bleu
EC1 | bl: 0.86 b2: 0.16 b3: 4.14e-124 | cbl: 1
EC2 | b4: 8.12e-13 | b5: 0.65 b6: 0 cb2: 0.72
EC3 | b7: 0 b8: 4.54e-122 | b9: 0.26 cb3: 0.28

ABCD Jde 23,5 ), bleu sla jLeel 1Y _F Js0>
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Input Claim: Walter studied at Gottingen where he received a doctorate and he worked at

the University of Cologne.

Annotator’s Extracted Claim TS output

RC1: Walter studied at Gottingen. EC1: Walter studied at Gottingen.

RC2: Walter received a doctorate from
EC2: Walter was a doctor.

Gottingen.

RC3: Walter worked at the University of Cologne | EC3: Walter worked at the University of Cologne.
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RC1 RC2 RC3 Corpus bleu
EC1 | bl: 1 b2: 9.09¢-232 | b3: 7.23e-231 | cbl: 1
EC2 | b4: 1.28e-231 | b5: 9.29¢-232 | b6: 6.08e-232 | cb2: 1.53e-231
EC3 | b7: 1.12e-231 | b6: 1.33e-231 | b9: 1 cb3: 1

T5 e 25, ! bleu sla Slesl 1 F_F Jsu>

Walter was a « o o33 odd &1 Sl gl Sl b aS 5 S 0 Lol -l Ol g bleu oL, DS

el SLL a4 Ll ghyls syl Sslae g dexr WS Js sl sy sles! doctor.

GPT-Neo J4o sla 29,5~ Y_Y_F

Input Claim: Walter studied at Gottingen where he received a doctorate and he worked at

the University of Cologne.

Annotator’s Extracted Claim GPT-Neo output

RC1: Walter studied at Gottingen. EC1: Walter studied at Gottingen.

RC2: Walter received a doctorate from EC2: Walter received a doctorate from

Gottingen. Gottingen and worked at the University of Cologne.

RC3: Walter worked at the University of Cologne | EC3: Gottingen is a university in Germany.

GPT—NeoJJw @JJ}LS“’)JT’ AT o d)Jo-

RC1 RC2 RC3 Corpus bleu
EC1 | bl: 1 b2: 9.09¢-232 | b3: 7.23e-231 | cbl: 1
EC2 | b4: 1.14e-231 | b5: 0.28 b6: 0.39 cb2: 0.67
EC3 | b7: 0 b6: 1.16e-231 | b9: 0 cb3: 1.17e-231
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Abstract:

Nowadays, the increase of unprincipled internet sources has led to the widespread dissemination of
fake news. Failure to quickly identify misinformation can cause significant irreparable damage. As
a result, many researchers have worked on identifying fake news. Automatically classifying a claim
as true or false is a challenging task. Even an expert in a particular field must consider multiple
aspects before passing judgment on the veracity of a claim. In previous research, if a claim was
a combination of false and valid claims, the whole claim was labeled as false. In this research, to
improve the work quality of previous systems, we researched the idea of claim extraction from the
main claim. By extracting the sub-claims of a claim, each sub-claim can be verified separately. In
this research, we first investigated the research work done in the field of fake news detection and
compared their processes. To conduct tests and evaluations, we collected a data set, outputted some

data on the T5 and GPT-NEO model with the few-shot learning method, and evaluated the outputs.

Keywords: Artificial intelligence, Natural Language Processing, Fake News Detection, Fact Ex-

traction, Language models, meta-learning
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